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Competency Transfer Oriented Disciplinary Information Literacy Education:

A Review of U.S. Business Information Literacy Guidelines and Its Implications
Tan Dandan Ke Ping

Abstract: Business information literacy, as a transferable generic competency, is valuable for solving
information problems related to business topics in the contexts of academics, workplace, and everyday life.
Achieving effective transfer of this competency in different contexts is a core goal of business information
literacy education. This study discusses the framework of understanding business information literacy from
the perspective of competence transfer and interprets the practical points of the latest guideline of business
information literacy education, Business Research Competencies, from four aspects: information sources,
learning subjects, classification of subject concepts, and learning outcomes. This study also points out its
implications for business information literacy education in libraries in China in terms of practice basis,
teaching objectives, teaching strategies, assessment of learning outcomes, and synergistic cooperation.

Keywords: Competency Transfer; Disciplinary Information Literacy Education; Business Information

Literacy ; Business Research Competencies
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A Preliminary Exploration of Core Citation Recognition
Method from the Perspective of Utility

Li Ling Zhang Ruonan Cui Jianan Li Xinxin

Abstract: The citation analysis based on the citation frequency ignores the difference in the utility of ci-
tations to the cited documents, and it is inevitable that the resource evaluation and academic influence judg-
ment based on this will be interfered by “invalid” citations. To eliminate “invalid” citations and improve the
quality of measurement and evaluation data, the article selects typical features such as citation attributes,
functions, objects, and emotions from the perspective of citation utility, and establishes a citation annota-
tion framework, in order to test the effectiveness of logistic regression and support vector machine methods

“ . . ..
core citation recognition

on automatic citation classification in annotated datasets, and to construct a
model from the perspective of utility”. Specifically, in the data annotation stage, in addition to manual in-
dexing, a large-scale pre trained language model dialogue system ChatGPT is also used for automatic classi-
fication and modeling performance testing, in order to provide new ideas for automatic citation classification
methods and application practices.

Keywords: Citation Utility; Content Analysis of Citations; Citation Annotation Framework; Support

Vector Machine; Automatic Citation Classification; ChatGPT
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