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Exploring the Approaches of Generative Artificial Intelligence in

Assisting Subject Information Services
— A Case Study of Using ChatGPT to Generate Literature Analysis Reports in Academic Fields

JIANG Shan CHANG Dingxu ZHANG Kaiyang GONG Furong ZHANG Ning SHENG Fang

Abstract: The emergence of generative artificial intelligence has introduced unprecedented opportunities and
challenges to subject information services in libraries. This study explores how to utilize generative artificial
intelligence, particularly ChatGPT-4, to assist in the production of literature analysis reports in specific disciplines.
The research mainly addresses the following questions: Can generative artificial intelligence solve the main difficulties
of literature analysis? How can generative artificial intelligence improve the efficiency and depth of literature analysis?
And how can libraries maximize the use of this technology to enhance the effectiveness of subject information services?
This study aims to explore the specific application methods of generative artificial intelligence in subject literature
analysis, covering the entire process from determining the subject area to generating the report content. The research
focuses on analyzing the application of generative artificial intelligence in literature retrieval, data preparation, data
analysis and visualization, as well as content mining, highlighting the advantages of this technology in overcoming the
limitations of traditional tools. This study employed a case analysis method, systematically reviewing existing literature
and combining practical cases to illustrate how generative artificial intelligence addresses challenges such as data
accuracy, comprehensiveness of literature retrieval, and the limitations of existing analytical tools in subject
information services. It points out that the two major advantages of ChatGPT-text understanding and generation, and
code generation—are highly compatible with the needs of subject information analysis scenarios, and demonstrates
through examples the functional selection and utilization of ChatGPT based on the needs at various stages of literature
analysis, providing a general approach for using generative artificial intelligence to assist in subject information
analysis. The research results indicate that ChatGPT can significantly improve the quality of literature analysis at
multiple stages, providing more coherent and insightful analysis reports compared to traditional methods, especially
excelling in interdisciplinary research. The study also finds that while generative artificial intelligence demonstrates
high flexibility, intelligence, and efficiency in literature analysis, its application still faces challenges in selecting and
verifying tools. To ensure the interpretability and reliability of the analysis results, the study recommends the
integrated use of generative artificial intelligence with traditional tools, and even the combination of different Al
models, to further enhance the accuracy and efficiency of the analysis. This research provides a theoretical and practical
framework for understanding the role of generative artificial intelligence in subject information services.

Keywords: ChatGPT; Generative Artificial Intelligence; Subject Information Services; Paper Analysis
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